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Fast Specific Object Recognition Based on Local Feature and Example Search

Masakazu IwAMURA and Koichi KISE

Object recognition is a task to recognize an object contained in an image. If the task is intended to identify
an instance rather than a category, it is called “specific object recognition.” In the current article, we
introduce the specific object recognition and its applications. We also introduce a simple method using
local features and efficient example search to realize the specific object recognition. The simple method
can process a large-scale specific object recognition problem quickly; it realizes real-time recognition. For
example, in the case that a database of 100,000 images was used, it took 100 ms per query image
(excluding time required for feature extraction) to achieve 98% accuracy.
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